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• This task aims to implement and develop transportable 
methodologies to improve the applicability of GCMs in climate 
impact, hydrological, and environmental research.
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• Focused on Nevada, but also on a broader region: • Focused on Nevada, but also on a broader region: 

RCM-WRF domains (test version) for dynamical downscaling over the SW  North 
America (at 36 km grid size), the Great Basin (at 12km grid size) and Nevada (at 4km 
grid size).    Gray shadings represent approximate location of the Great Basin region. 
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1. Aggregate 
4km PRISM 
b ti

3. Calculate perturbation 
factors (Diff of mean ag Obsobservations 

(Obs) to model 
grid size 
(140km)

2. Perform CDF transform to correct model 
bias at model scale (note how BC NARR 
approaches Obs. (NARR is ‘type’ of GCM))

factors (Diff. of mean ag. Obs
and non ag. Obs) and add to 
future climate model output). 
Yields 4km (native PRISM 
grid) resolution results
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